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Abstract: When estimating regression coefficients in high-dimensional data, we need to find influence points. This is because the impact of influential observations can be large. In this paper, we suggest the influence plots for identifying how the shrinkage estimates change for each explanatory variable when we delete observations. The influence plots using shrinkage estimates have been applied to an example of high-dimensional data.
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INTRODUCTION 
High-dimensional data has the number of explanatory variable(p) much more bigger than the number of sample size. Many explanatory variables can make it possible to sparse in the high-dimensional data. In this case, we consider shrinkage estimators which can be regarded as a variable selection method. However, influential observations can greatly impact results. Therefore we need to consider detecting influential observations. This paper focuses on LASSO influence plots for finding influential observations. We also regards another shrinkage estimators such as SCAD, MCP and so on. 

METHODOLOGY
Jang and Anderson-Coook (2017, 2018) suggested LASSO influence plots that is useful to understand the impact of individual observations on the selected explanatory variables when using LASSO. We explain the influence plot through a dataset taken from R packages library(SIS). The dataset, ‘prostate.train’, consists of 102 observations with 12,600 explanatory variables. Figure 1 shows not only LASSO influence plot but also SCAD and MCP influence plots after SIS (Sure Independence Screening) for dataset ‘prostate.train’. In this plot, we see estimates change for the selected explanatory variables  according to 42th observation deletion.
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Figure 1 Influence plots (LASSO, SCAD, MCP) for prostate data 
CONCLUSIONS
Using influence plots, we are able to know that influence observation can make it possible to impact on shrinkage estimation.
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